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Classification of road objects using Random Forest
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It is important to efficiently maintain infrastructure such as traffic network and road signs. In this paper,
we discuss a method for automatically recognize types of features in point-clouds captured by the mobile
mapping system (MMS), which is a vehicle on which GPSs, IMUs, laser scanners and cameras are mounted.
To utilize point-clouds in maintenance tasks, it is necessary to segment a point-cloud into each object and
recognize what the object is. We propose a method for classifying objects by using the random forest

classification method, which is one of machine learning methods.
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