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Generating Training Data from CAD Models in Deep Learning for Point Clouds(1I)
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Elbow | Flange | Manometer | Straight | Tee | Valve
Train | 1080 3240 1080 1080 1080 | 1080
Test 171 161 7 80 21 42
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ND | Hole | Edge | Fade | SP N (6]

Elbow 709 | 80.0 | 815 | 754 | 72.7 | 75.8 | 71.8

Flange 796 | 829 | 872 | 80.5 | 79.1 | 81.2 | 79.4

Manometer | 66.7 | 54.5 | 54.5 | 50.0 | 50.0 | 44.4 | 52.1

Straight 66.7 | 813 | 744 | 764 | 744 | 754 | 754

Tee 43.8 | 529 | 622 | 424 | 41.2 | 43.8 | 40.0

Valve 756 | 684 | 779 | 714 | 74.1 | 70.6 | 70.6

Average 722 | 786 | 80.7 | 75.1 | 735 | 752 | 73.1
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Elbow | Flange | Manometer | Straight | Tee | Valve
ND 1080 3240 1080 1080 1080 | 1080
JNT. | 5184 15552 5184 5184 5184 | 5184
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0 0.1 0.3 0.5 0.7 0.9
Elbow 81.5 79.7 80.0 81.1 80.9 79.2
Flange 81.9 80.8 82.3 83.4 82.6 83.3

Manometer | 44.4 63.2 75.0 66.7 66.7 66.7

Straight 77.8 83.6 81.5 81.8 83.0 77.8

Tee 53.8 63.2 64.7 56.3 56.3 42.9

Valve 70.6 76.3 74.7 77.9 78.2 76.3

Average 78.6 79.4 79.8 80.4 80.2 78.2
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0 0.1 0.3 0.5 0.7 0.9
Elbow 81.5 83.5 79.6 82.3 85.7 83.3
Flange 81.9 87.0 85.2 85.9 89.5 87.3

Manometer 44.4 42.9 36.4 333 42.9 46.2

Straight 77.8 79.7 78.7 81.5 79.4 78.7

Tee 53.8 59.1 54.2 56.5 64.0 60.5

Valve 70.6 73.8 76.2 77.1 81.8 78.7

Average 78.6 81.5 79.3 81.0 84.1 81.9
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